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Research on application of RCNN identification algorithm
in UAVS river and lake patrol inspection
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Abstract ; With economic development and population growth, problems such as increasing difficulty in river and
lake control and frequent water pollution have been brought about. In response to these situations, an intelligent
processing platform for UAV river and lake inspection images based on regional convolutional neural network algo-
rithm (RCNN) was designed. Through clustering and constructing a convolutional neural network , areas that might
contain river and lake pollution were extracted, and RCNN was used to classify and identify the target area, which
was used as the source of the problem to construct a closed loop of river and lake management, and to better com-
plete the inspection target.
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