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Hotspots identification of human activities in rivers and lakes based on
network kernel density estimation

SONG Ruiping, WANG Dongmei, LIU Wenzhuang

(Jiangsu Hydraulic Research Institute, Nanjing 210017, China)

Abstract: In this study, the lakes in the middle part of the Lixiahe River were selected as the research area, and

the data of human activity change points detected by remote sensing monitoring during 2017 and 2020 were selected

in the study area. Based on the network kernel density estimation method, the areas and river sections with high in-

cidence of human activity phenomena in the study area were identified. The results showed that the distribution of

change point was related to the type of change point, the development degree of surrounding aquaculture and land

type. In addition, when the network kernel density estimation method is applied to the hot spot identification in riv-

er network, the results are more consistent with the actual situation than the plane kernel density estimation.
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