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Research on automatic monitoring system of farmland water conservancy
based on artificial intelligence
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Abstract: This paper expounds the potential of artificial intelligence in using wireless sensor network (WSN)
technology to collect data and realize automatic monitoring of farmland water conservancy. The application of
wireless sensor network includes data collection, statistics and analysis, which can be used to monitor the process of
agriculture and its automation activities. Automatic monitoring of farmland water conservancy includes the
deployment of sensors such as temperature, humidity, atmospheric pressure, water or soil PH value. Through the
tests of various machine learning algorithms (artificial neural networks ), the study found that generalized regression
neural network (GRNN ) is the most suitable for automatic monitoring of farmland water conservancy.
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