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Research and application of intelligent hydrological forecasting model

HE Jian', YU Yufeng’, FENG Shengnan', DENG Jinbai®, LI Kai'
(1. Jiangsu Province Hydrology and Water Resources Investigation Bureau, Nanjing 210029, China;

2. College of Computer and Information, Hohai University, Nanjing 211110, China )

Abstract: The flood process is highly nonlinear, complex and non-stationary. The ASCS—LSTM flood forecasting
model is built, which adopts adaptive step size cuckoo search (ASCS) algorithm to optimize parameter of LSTM

neural network hydrological model, and which applies the attention mechanism to further improve the relevance of

input and output to achieve high—precision intelligent flood prediction. The water level prediction experiments in

Qinhuai River basin show that ASCS—LSTM forecasting model can achieve more stable and accurate forecasting

results than those of traditional machine learning model, and thus providing a new idea for hydrological forecasting.
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